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Spectral Feature Based Classification of Decision Tree

———A Case Study in the Northeast of Kunming
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Southwest Forestry University , Kunming, Yunnan 650224 , China)

Abstract: Decision tree classification is simple, flexible, clear and effective. It has tremendous advantages

in the filed of remote sensing classification. Taking the northeast of Kunming as a study area, the decision

tree model for classifying land use/land covers based on TM was established by analyzing the spectral fea-

ture of the major landover types and exploring spectral unique character with constructing several indices

from original TM bands. The results of classification were checked by statistical confusion matrix accuracy

assessment. The study showed that overall accuracy of decision tree classification was 77. 0% , about 6. 3%

higher than that by maximum likelihood classification. Decision tree classification can effectively improve

accuracy of land cover classification.
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Fig. 1 Sketch map of decision tree
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Fig. 2 Spectrum response curves of typical objects
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Fig. 3 Decision tree model
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Fig. 4 Classification map of landuse/land covers based

on decision tree classification
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Fig. 5 Classification map of landuse/land covers based

on maximum likelihood classification
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Table 1  Accuracy assessment of decision tree classification
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Table 2 Accuracy assessment of maximum likelihood classification
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