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Forecasting the Spruce-fir Natural Forest Stand Age in Jingouling Forest Farm
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Abstract: The back propagation (BP) artificial neural network (ANN), the projection pursuit regression

(PPR) (ANN) and the multiple stepwise regression anatomic (MSRA) models were introduced to predict

the nonlinear relation between the natural stand age and the stand factors. The precision and stabilities of

the models were testified. The results indicated that 3 kinds of models were applicable for the prediction of

natural forest age. The predication average relative error was 0. 04 for model of BP ANN, 0. 06 for PPR
ANN, and 0. 08 for the MSRA model. The stability of BP ANN model was poor, and the PPR model and

MSRA model were stable. It was concluded that the PPR model was better than the other two models,

which can be applied to predict the natural forest stand age.
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